Abstract
Introduction
About 90 genomic loci harboring genetic variation increasing the risk of developing type 2 diabetes (T2D) have been identified mostly by genome-wide association studies (GWAS) [1] . Most large-scale studies have in the past primarily been performed in populations of European decent, and initial genotyping arrays applied in GWAS were designed to mainly capture common genetic variation in Europeans. Recently, there has been an increase in GWAS undertaken in other ethnic groups. This has led to the performance of a multi-ethnic meta-analysis of GWAS data across different populations [2] . By combining GWAS across ancestries, this study enhanced fine-mapping resolution of causal variants because of differences in linkage disequilibrium between populations. Furthermore, this trans-ethnic study had increased power to detect new susceptibility variants as a result of an increased sample size and the authors identified seven novel T2D risk variants. However, the underlying pathophysiology behind the association of these novel variants to T2D is not obvious.
The aim of this study was to investigate the seven novel T2D risk variants discovered in the trans-ethnic meta-analysis for associations with T2D and pre-diabetic quantitative traits in Danish study samples with measurements of glucose and insulin levels after an oral glucose tolerance test (OGTT).
Materials and Methods

Study populations
In the case-control analyses, individuals with normal fasting glucose and T2D cases were included from the Danish population-based studies Inter99 [3] , Health 2006 study [4] , Health 2008 study [5] , the outpatient clinic at Steno Diabetes Center, the ADDITION study [6] and Vejle Biobank. Anthropometric data of individuals involved in the case-control analyses are given in S1 Table. The study of diabetes-related quantitative traits was performed in the Inter99 cohort and significant findings (p<0.05) were further analyzed in individuals from the ADIGEN cohort [7] (obese cases and non-obese controls), the Danish Family study [8] and the Health 2008 cohort. Description of the study samples are given in S2 Table and information on anthropometrics and metabolic traits is provided in S3 Table and S4 Table. Ethical statement 
Metabolic measurements
Participants from Inter99, ADIGEN and Health 2008 without known T2D underwent a 75-g OGTT with blood sampling in the fasting state (after an overnight fast) and at time points 30 min and 120 min. Participants without known T2D from the Danish Family study underwent a 4 hour OGTT with frequent blood sampling (at 10, 20, 30, 40, 50, 60, 75, 90, 105, 120, 140, 160, 180, 210 and 240 min).
Oral glucose-stimulated early insulin response was reported as the insulinogenic index [9] whereas the acute insulin response (AIR) simulating intravenous glucose tolerance test (IVGTT) conditions was estimated by the BIGTT-AIR [10] . Whole-body insulin sensitivity was estimated by the Matsuda insulin sensitivity index (ISI Matsuda ) [11] and the BIGTT-sensitivity index (SI) [10] . Besides the OGTT-sampled plasma glucose and serum insulin values the BIGTT indexes apply information on sex and body mass index [10] . Beta cell function corrected for whole-body insulin sensitivity level was expressed as the disposition index [12] . Detailed information on metabolic measurements and calculations is provided in S5 Table. Genotyping Genotype information on all seven T2D risk variants (TMEM154-rs6813195, SSR1/RREB1-rs9505118, FAF1-rs17106184, POU5F1/TCF19-rs3130501, LPP-rs6808574, ARL15-rs702634 and ABCB9/MPHOSPH9-rs4275659) was available from the Metabochip (Illumina genotyping array) [13] , and four of the variants (TMEM154-rs6813195, SSR1/RREB1-rs9505118, POU5F1/ TCF19-rs3130501 and ABCB9/MPHOSPH9-rs4275659) had also available genotype information from the ExomeBeadChip v1.0 (Illumina genotyping array) [14] . The Inter99, Health 2006 and Steno Diabetes Center cohorts had genotype information from both the Metabochip and the ExomeBeadChip. In these cohorts, the Metabochip genotyping information was used, but if genotypes were missing for any of the four SNPs which were genotyped on both arrays, genotyping information from the ExomeBeadChip was used to supplement where possible. The Health 2008, ADDITION and Vejle Biobank had genotype information from the ExomeBeadChip only and the Danish Family study had genotype information from the Metabochip only. The Metabochip genotype calling and quality control have been described before [15] . ExomeBeadChip genotypes were called using GenCall applying a custom-made cluster file based on 6000 samples with high quality data. From the ExomeBeadChip, quality control of samples and variants was done using PLINK and included exclusion of samples showing relatedness (first-and second-degree relatives), extreme inbreeding coefficient or mismatch between sex status in phenotype and genotype data. Furthermore, we removed individuals with discordant genotype data between one of the four variants available on both genotype arrays (1.5%). Genotyping quality for each selected variant was assessed by the call-rate (>95%) and presence of Hardy-Weinberg equilibrium (P>0.0005).
In ADIGEN, genome-wide genotyping on the Illumina 610k quad chip was carried out at the Centre National deGénotypage (CNG, Evry, France). Quality control and imputation methods have been described previously [16] . The genotypes of TMEM154-rs6813195 and FAF1-rs17106184 were extracted with a call-rate of 100%. Quantitative glycemic trait analyses: Associations between the seven novel T2D risk variants and quantitative glycemic traits in up to 5,744 Inter99 individuals without patients known to have T2D were examined by linear regression using additive genetic models adjusting for age (BIGTT indexes) or age and sex (all other traits). Values of serum insulin, insulinogenic index, ISI Matsuda , disposition index and BIGTT-AIR were natural log (ln) transformed before analyses. If beta coefficients were back transformed, it was done by e beta coefficient and multiplied by 100 to get effect sizes in percent. The case-control and quantitative trait analyses were beside age and sex also adjusted for BMI in order to obtain estimates independent of adiposity to reduce extra variance that is not attributable to genetic variation or to reveal potentially adiposity modulating effects. The significant findings (p<0.05) from Inter99 were selected for further analyses in the Health 2008, ADIGEN and Danish Family study cohorts (having OGTT data) where available.
Statistical analyses
The associations between TMEM154-rs6813195 and both insulinogenic index and disposition index were therefore performed in 592 individuals from Health 2008, 165 obese cases and 246 controls from ADIGEN and 302 individuals from the Danish Family study. The association between FAF1-rs17106184 and 2-hour serum insulin was also performed in these cohorts except Health 2008, where this variant was not genotyped. The participants from these additional Danish cohorts were all naïve to glucose lowering medication and the analyses using Health 2008 and ADIGEN data were performed by linear regression using additive genetic models adjusting for age, sex and BMI (Health 2008) or age and BMI (ADIGEN). In the 302 individuals from the Danish Family study the analysis was performed using variance components with age, sex and BMI as covariates [17] . Values of insulinogenic index, disposition index and 2-hour serum insulin were ln transformed. The beta coefficients and standard errors derived from the linear regression analyses were then combined in a meta-analysis of up to 6,486 individuals of which 5,181 individuals are from Inter99. The weight of the studies in the meta-analyses was estimated using inverse variance assuming fixed effects. Heterogeneity was measured by Q-statistics.
Bonferroni correction was calculated for 49 independent tests (7 SNPs Ã 7 traits) corresponding to a new statistical significance threshold of 0.001 (0.05/49). Statistical power was estimated using 1,000 simulations using the RStudio software version 0.98.501. We used the empirical variance of the observed traits in the Inter99 cohort to simulate phenotypes from a normal distribution, so that variance across genotypes is drawn from the estimated variance. We assumed the risk allele frequency of TMEM154-rs6813195 (0.72) and a significance threshold of 0.05.
Results
Association with T2D
Three out of the seven T2D risk variants nominally associated with T2D in the Danish population sample of 5,777 cases and 7,956 controls; the C-allele of TMEM154-rs6813195 ( (Table 1 ). All seven variants showed the same direction of effect as originally reported and with comparable odds ratios.
Association with metabolic intermediary quantitative traits
Carriers of the T2D risk C-allele of TMEM154-rs6813195 had a lower disposition index in Inter99 both in the analysis with (n = 5,181, β = -0.042, p = 0.012) and without adjustments for BMI (n = 5,182, β = -0.043, p = 0.014) ( Table 2 ). The association remained significant with an effect size estimate similar to what we observed in Inter99 when combining data from Inter99, Health 2008, ADIGEN and the Danish Family study in a meta-analysis (n = 6,486, β = -0.042, p = 0.0044) (Fig. 1) . In other words, carriers of the T2D risk C-allele of TMEM154-rs6813195 had on average a 4.1% lower value of the disposition index per C-allele.
We also found a borderline significant association between the C-allele of TMEM154-rs6813195 and a lower insulinogenic index again both in the analysis with (n = 5,181, β = -0.032, p = 0.043) and without adjustments for BMI (n = 5,182, β = -0.031, p = 0.052) in Inter99. In the meta-analysis combining data from Inter99, Health 2008, ADIGEN and the 
Association between TMEM154-rs6813195 and Beta Cell Function
Danish Family study the association with insulinogenic index also remained significant with a similar effect size estimate (n = 6,486, β = -0.037, p = 0.0094) (Fig. 2) . This corresponds to an average lower value of insulinogenic index of 3.6% per C-allele in TMEM154-rs6813195 Callele carriers. Furthermore, carriers of the T2D risk G-allele of FAF1-rs17106184 had an increased level of serum insulin 2 hours after an oral glucose challenge when the analysis was adjusted for BMI (n = 5,547, β = 0.055, p = 0.017). When this association was tested in ADIGEN and the Danish Family study and results were combined in a meta-analysis, it also remained significant with a similar effect size estimate (n = 6,260, β = 0.062, p = 0.0040) (Fig. 3) . This means that carries of the FAF1-rs17106184 G-allele on average had a 6.4% higher level of 2-hour insulin per G-allele. We did not find any associations between the remaining five T2D risk variants and the diabetes-related traits (30-min serum insulin, 2-hour serum insulin, insulinogenic index, ISI Matsuda , disposition index, BIGTT-S I and BIGTT-AIR).
Discussion
In most large populations used for genome-wide association studies, only measures of fasting plasma glucose and fasting serum insulin levels are available, making it difficult to link susceptibility SNPs with a detailed pre-diabetic quantitative phenotype. For some of the SNPs, follow-up studies in smaller populations with more elaborated measures of glycemic traits have proposed an underlying physiological phenotype [18] . In this study we investigated the effect of seven novel T2D risk variants on surrogate measures of beta cell function and insulin sensitivity in order to elaborate on their cause of disease association. We found associations between a metabolic intermediate trait and two out of the seven T2D risk variants (TMEM154-rs6813195 and FAF1-rs17106184).
Carriers of TMEM154-rs6813195 C-allele had on average a decreased disposition index in the Inter99 cohort. The relationship between insulin sensitivity and insulin secretion is thought to be approximately hyperbolic so that the product of the two variables is constant for individuals with the same degree of glucose tolerance [12] . This constant is known as the disposition index and is thus an indication of the ability of the beta cells to respond appropriately to the level of insulin resistance. A low value of the disposition index can be caused by a continual exposure to triggers of insulin resistance (e.g. high fat diet or lack of exercise) without beta cell compensation and results in the progression to pre-diabetes or even to overt T2D. When we further examined the association between TMEM154-rs6813195 and disposition index in the additional smaller cohorts, we found the same direction of effect. The variant also showed a borderline significant association with decreased insulinogenic index in Inter99 and with the same direction of effect in the meta-analysis. The insulinogenic index is a ratio relating enhancement of circulating insulin to magnitude of corresponding glycemic stimulus and is thus a measure of early insulin response [9] . This observation supports the suggestive negative role of TMEM154-rs6813195 on beta cell function. The TMEM154-rs6813195 did not associate with any fasting glycemic traits in the MAGIC consortium [2] .
TMEM154 codes for a transmembrane protein, showing ubiquitous mRNA expression highest in B lymphocytes (Human geneAtlas [19] ) but immunohistochemical staining of human gastrointestinal tract shows strong cytoplasmic and membranous positivity of TMEM154 in glandular cells of the digestive tract including the duodenum (The Human Protein Atlas [20] ). If these glandular cells are of enteroendocrine character, it can be suggested that the variant near TMEM154 therefore might have an effect on intestinal secretion of hormones affecting pancreatic beta cells. If this is the case and the variant has an effect on secretion of hormones such as incretin hormones, then the effect would be observed by an OGTT and not by an IVGTT. In our data this variant does not associate with BIGTT-AIR, which is a measure of insulin release simulating IVGTT conditions, fitting well to the suggestive interpretation of data. However, the fact that we do not observe an association with BIGTT-AIR can also be due to lack of statistical power.
Carriers of FAF1-rs17106184 G-allele had on average an increased level of insulin 2 hours after a glucose challenge. A neighbouring gene to FAF1 is ELAVL4 (also called HuD), which is expressed in the pancreas. The product of HuD binds to insulin mRNA 5'-UTR and represses translation of insulin [21] . If FAF1-rs17106184 has a negative effect on expression of HuD, this could result in a decreased repression of insulin translation and therefore in more insulin being produced and later also released explaining the observed increased insulin levels. It is however unexpected that the T2D risk allele associates with increased insulin secretion, when it does not seem to associate with increased insulin resistance either in our or MAGIC consortium data [2] .
When interpreting our results it should be noticed that if P-values were corrected for testing seven SNPs and seven traits, none of the observed associations would remain significant. This is however a very stringent correction, since the seven traits are highly correlated. This study is a cross-sectional study and the associations found here are related to a certain time-point and have a poor clinical value like the rest of the T2D-associated variants identified by GWAS due to their small effect sizes. It is not known if our observed associations could change over time being more clinical relevant, but so far longitudinal studies of T2D risk prediction including genetic variants have reported similar results to those from cross-sectional studies [22] .
Still larger sample sizes are used in meta-analyses of T2D GWAS in order to discover novel susceptibility loci. In 2012 Morris et al performed a meta-analysis of Metabochip data involving 34,840 T2D cases and 114,981 controls [23] . In the latest trans-ethnic T2D meta-analysis this number has increased to 47,979 T2D cases and 139,611 controls [2] . As a consequence the larger sample size makes it possible to identify T2D risk variants with smaller effect sizes (odds ratios <1.10). Similarly, the effects of the GWAS-identified variants on quantitative metabolic traits are likely smaller compared to the risk variants discovered by the first wave of GWAS. In this study using Inter99 data we generally observed small effect sizes with narrow 95% confidence intervals (often in the range of +/-0.03 (log-transformed units) around the beta coefficient except for BIG-SI), indicating that possible true effect sizes likely reflect very small differences between carriers and non-carriers. The more well-characterized study populations are often of smaller size and will eventually run out of statistical power to unravel the potential mechanism of novel variants with very small effects. In the Inter99 cohort we have 80% statistical power to find per allele effect sizes down to 0.055 for disposition index and down to 0.035 for ISI Matsuda for a common variant with a risk allele frequency of 72%. If the novel variants have a very small true effect on the trait tested here, the few findings of associations in the present study can be explained by low statistical power. Another explanation of the sparse findings could be that the association signals in these loci inflict risk of T2D by yet unknown pathophysiological pathways not measured by the phenotypes we analyzed. It is also possible that the limited statistical model of this study is the major bottleneck, and that only certain geneenvironment interactions models can reveal the effects of these variants.
In conclusion, if replicated in independent study materials our explorative examinations of intermediary phenotypes of seven recently discovered T2D genomic risk loci suggest that carriers of the T2D risk C-allele of TMEM154-rs6813195 have a decreased ability to secrete sufficient amount of insulin after an oral glucose load. Furthermore, much larger study materials, additional and refined phenotyping or novel statistical modeling seem to be needed to detect the pathophysiological implications of newly identified T2D gene variants with modest effect sizes. 
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